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Abstract 

Today hundreds of millions of Internet users are using crowdsourcing 
platforms either to work to an online job as workers, or as a model of problem 
solving and production as requesters. This growing workforce makes it 
necessary from the perspective of the online platforms, to fully understand 
the factors which contribute on this emerging and innovative “online labor”. 
We present a study comparing how crowdsourcing platforms have evolved 
over two time periods.  The study explores in addition the effect of several 
factors of such websites on their traffic data and attention seeking. The results 
show that several website’s characteristic are strong indicators of its 
attempting to get and optimize potential workers’ or requesters’ attention. 

Keywords: Crowdsourcing, Online labor, Websites Review, Alexa Rankings, 
Regression Models 
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Introduction 

Since Jeff Howe introduced the term "Crowdsourcing" in 2006 for the first time in 
history [3], crowdsourcing has become a pivotal part of today’s Internet focus where 
everything is designed to take advantage of the networked world. Thousands of 
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workers every day categorize images; write articles or take part to several kinds of 
online tasks. Crowdsourcing, as a term, is a strategic model to attract an interested, 
motivated crowd of individuals capable of providing solutions superior in quality and 
quantity to those that even traditional forms of business can [1]. Today the term 
“Crowdsourcing” is used today as equivalent to online labor. With the growth of 
online platforms with crowdsourcing and crowdfunding services like Amazon 
Mechanical Turk and Kickstarter respectively, a huge work force and a large 
knowledge base can be easily accessed and utilized to tackle problems requiring 
human intelligence. Users have only recently been recognized as an alternative source 
of new product ideas. Whereas some have attributed great potential to outsourcing 
idea generation to the “crowd” of users (“crowdsourcing”), others have clearly been 
more skeptical [2]. Given the success of the crowdsourcing paradigm, we expect that 
this field will continue to grow rapidly. It’s not outsourcing, it’s crowdsourcing [3]. 

The continuous development of these online platforms providing crowdsourcing and 
crowdfunding services, in general, impose the need for continuous and responsible 
destination management in order to achieve and maintain an appropriate level of 
sustainability and competitiveness of this new way of online labor. In our study, we 
use Alexa rankings data as a measure of a website’s attention seeking indicating its 
level of sustainability and competitiveness. We determine the factors that affect and 
to which degree the ‘combination’ of the estimated average monthly unique visitors 
and the estimated number of page views incurred  in these online platforms based in 
our two time-period study [4].   

Related Work 

In recent years, many studies have elaborated proposals for defining and measuring 
the quality of work in crowdsourcing environments [5], while others focused on the 
level of engagement and motivation of the participants called “workers” in these 
online tasks [6]. Due to these issues, crowdsourcing has attracted the interest of 
researchers from various fields. Many research efforts have as a focal point the 
development of several mechanisms in order to make possible the quality control and 
cheat detection [7], while others aimed at answering important questions in the field 
(e.g.  What tasks are most paid? or When are the users of my platform active?) by 
analyzing the anatomy of a crowdsourcing platform [8]. Nevertheless, an online 
platform is in fact a type of online business and all businesses aim at improving their 
conversion rate in order to have sustainability and competitiveness. Yet, it is unclear, 
which factors enact on a crowdsourcing website’s effort to attract targeted traffic, so 
as to achieve financial success. 

This paper aims at investigating how crowdsourcing platform characteristics 
correlate with their traffic and by extension to their ranking as reported by Alexa. The 
overall goal is to investigate how crowdsourcing platforms change over time in order 
to provide their services to a greater user base. This study builds and extends earlier 
research that aimed to provide a first systematic review of such kind of sites [9].    
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Data Analysis  

Data source 

Data regarding the traffic of the studied crowdsourcing websites were collected from 
alexa.com in values of global ranking, while the data regarding their provided services 
and mode of operation have been collected by visiting each site included in the survey. 
The study considered the Alexa top-ranked one hundred crowdsourcing platforms for 
two periods; January of 2014 to January of 2015 (which from now on will be  referred 
to as year 2014) and January of 2016 to January of 2017 (which from now on will be  
referred to as year 2016). Alexa was chosen as the preferred site of web traffic data 
because, related to Webometrics i.e. the process of measuring various aspects of 
websites that include their popularity and usage patterns, Alexa has been shown to 
outperform other similar services such as Google Trends for Websites and Compete 
(Vaughan and Yang 2013).We gathered the data the exact time period in order not to 
have traffic seasonality issues, so that we can make safe conclusions through the 
comparison. Last but not least, we didn’t include in our study the period of January of 
2015 to January of 2016, because we wanted our comparison study to reflect all the 
websites’ changes occurred since 2014. For that reason, we needed an unobserved 
time period in order the websites’ change process to be completed.    

Methodology 

We selected a number of popular websites offering crowdsourcing services for 
review. The same methodology was used to select the crowdsourcing sites for both 
time periods (2014 and 2016) and was based on a two scaled selection methodology. 
Initially, we used the most three popular search engines – Google, Bing and 
Yahoo!Search - to search for crowdsourcing online platforms that stakeholders are 
likely to encounter.  For the 2014 dataset, all searches were performed from 1 January 
to 30 April of 2014 and for the 2016 dataset searches were conducted from 1 August 
to 30 November using the same set of keywords (“crowdsourcing”, “crowdfunding”, 
“online platforms”). The final list of crowdsourcing sites was compiled by selecting 
sites that met specific criteria that included:  

Language:  All crowdsourcing websites reviewed had to present their services in 
English. This facilitated the work of assessing services provided and comprehending 
their use.  

Presentation of the type of service provided i.e. type of tasks accepted: Websites had 
to explicitly report all the necessary information related to the types of tasks it accepts 
in order to make their review possible.  

All information needed for completing the review had to be offered. Many websites 
may not disclose all information required and such websites were excluded from our 
analysis. 
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Based on the above criteria a final list of crowdsourcing sites was compiled and for 
each site its Alexa ranking were retrieved. For each site the Alexa rankings for the 
years 2014 (Alexa 2014) and 2016 (Alexa 2016) were collected resulting in the top 
100 crowdsourcing websites as ranked by Alexa. The selected websites were assessed 
against a number of criteria, which aimed to capture the site’s characteristics. In 
particular, these criteria cover technical as well as operational features. Below we 
present the criteria in greater detail:   

Type of service provided 

The term “type of service provided” refers to the type of tasks the site specializes in. 
Services provided by websites were grouped into the following ten categories [10]: 

a. Microworks/Simple tasks, which are considered the smallest unit of work in a 
virtual assembly line, e.g. categorisation, tagging, Web research, transcription, etc. 

b. Crowdfunding, which is the collection of finance from backers (the crowd) to fund 
an initiative (project). Crowdfunding has its origins in the concept of crowdsourcing, 
which is the broader concept of an individual reaching a goal by receiving and 
leveraging small contributions from many parties. Crowdfunding is the application of 
this concept to collect funds through small contributions by many parties in order to 
finance a particular project or venture 

c. Mobile crowdsourcing services, which is concerned with issues related to 
applications for mobile phones. 

d. Content Generation services, in which content is generated by the crowd. This 
method is becoming increasingly popular because it offers an alternative to content 
creation and content curation. 

e. Data Entry services, which are projects using many different modi operandi, e.g. 
Excel, Word, electronic data processing, typing, coding and clerical assignments. 

f. High knowledge intensity services, which are specialised services in specific fields 
such as health, law, insurance, consultancies, data management, market research and 
cloud applications. 

g. Program developing services, which focus on the design and implementation of 
software. 

h.   Web and graphic design services, which use the crowd contribution in the creation 
of Web and artistic projects. 

i. Translation services, which target content translation tasks from one language into 
another. 

j. Product reviews and testing, in which reviews and tests are requested. 

 



ISSN 2411-9563 (Print) 
ISSN 2312-8429 (Online) 

European Journal of Social Sciences  
Education and Research 

Sept - Dec 2018 
Volume 5, Issue 3 

 

 
5 

Quality & Reliability 

This variable is used to capture the methods the website employs to ensure the 
quality of work provided by workers. It also includes methods that the platform 
employs to prevent cheating and ensure workers’ reliability [11]. 

Region 

Indicates the region the platform is operating in [12]. Websites were classified in one 
of the following regions: North America, Europe, Australia and Asia. 

Online Imprint 

This variable reflects the strategies a platform uses for digital marketing and includes 
three categories; social networks, video streaming-sharing communities and 
blogs/forums [13]. 

Descriptive Statistics 

The study essentially consists of two databases. In particular, we examined the top 
100 crowdsourcing websites of 2014 and 2016 respectively, based on the 
aforementioned criteria. It is noteworthy to point out that 74 websites in the 2014 list 
were absent in the 2016 database because either they closed; or they changed their 
field of service.  In the reviewed websites 57.47% remained in the top 100 list in the 
reported time period while 42.53% of these for several reasons appear to exit the 
top100 listings.  With respect to the latter, 19% of them have cased their operation, 
7% have changed its business scope and 5% have merged with other crowdsourcing 
websites.  Table 1 gives an overview of the variables collected for each reviewed 
crowdsourcing website. It shows also summary statistics for each variable for the set 
of reviewed websites. 

As it is shown from the following table 1 most of our variables are binary (i.e termed 
0 and 1). Thus, for example regarding the crowdfunding websites, are coded with “crf” 
and the mean shows that 33.5% of our sample is coded with “1”, meaning that on 
average in both periods of our study one out of three online platforms provided 
crowdfunding services. 
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Table 1. Summary statistics 

 

Source: Dataset with results drawn from alexa.com. Author’s calculations. 

Note:  Alexa rankings are on logarithmic scale. 

Furthermore, our study contains a total 174 unique crowdsourcing websites in both 
years of research. In order to investigate what changes have occurred in the 2014 and 
2016 rankings drawing additionally some first conclusions in the evolution and 
preference of such kind of platforms we grouped the variables in six major categories: 
Alexa rankings, websites’ quality assurance mechanisms, Type of services provided, 
Region of origin and Online imprint) and compared the how these groupings changed 
over the two year period (2014-2016).  

More specifically, with regard to Alexa rankings, we crawled from alexa.com the 
average Alexa ranking values of 2014 and 2016 of each crowdsourcing platform. The 
results showed a positive relationship between them (figure 1), a statistically 
significant difference on the average values at 1% (table 3) and similar medians but 
different distribution characteristics (figure 1,box plot).  This means that, a 
crowdsourcing online platform that was in high-ranked places in 2014 preserved its 
traffic over time and remained in similar ranking place, while in general we can 
observe that the values of alexa rankings in 2016 has a higher concentration around 
the mean and  less extreme values (figure 1, Box Plot). 
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Figure 1 shows the relationship and the distribution of the values of alexa ranking 
over time. In the left graph y-axis measures the alexa ranking of our sample in 2014 
values and x-axis in 2016 respectively. In the right graph y-axis has as a unit of 
measurement values of alexa ranking.  

 

In addition, with respect to the quality mechanisms that the crowdsourcing online 
platforms offer as a tool for controlling the quality of responses and detecting cheats, 
the analysis revealed some interesting results between the two reviewed periods 
(table 2 and figure 2). First, the percentage of websites that don’t provide any cheat 
detection mechanism has declined from 45% to 15% in the studied time period, while 
the percentages of all these type of quality control methods being provided by the 
crowdsourcing websites have been steadily rising, with the percentages’ difference 
being statistically significance in most cases (table 2).  

It is known that, commercial crowdsourcing applications suffer from workers, who 
try to submit invalid or low quality work in order to maximize their received payment 
while reducing their own effort. Our study revealed that, despite the success of many 
crowdsourcing platforms, it is only the last 2 years that they realise the processes that 
lead to high quality output by espousing several quality control mechanisms. It is 
known that, the strategies used to assure high quality depend largely on the tasks and 
outputs of crowdsourcing projects and for that reason many researchers have already 
introduced several types of quality control. In our research we categorise them into 
four main groups. “Reviews & Ratings”, meaning whether or not a crowdsourcing 
platform gives the opportunity to the requesters to find the best worker for his task-
needs, based on the reviews and ratings of the worker’s job activity. “Workers profile”, 
meaning whether or not a crowdsourcing platform provides on requesters, a profile 
for each worker containing demographic characteristics. “Skills & Practice Tests”, 
meaning whether or not a crowdsourcing website gives the opportunity to the 
requesters to pre-select workers and through specific tests to understand which 
workers are most suitable to their crowdsourcing job. “Spamming Tools”, meaning 
whether or not an online crowdsourcing platform has embodied in their 
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crowdsourcing process automated methods to aggregate a user’s contributions in a 
way that promotes high quality output [14]. 

Figure 2 shows the percentages of “quality assurance” mechanisms over time 

 

Moreover, concerning the websites’ region of origin, we grouped both databases in 
four major groups, considering the origin country, North America, Europe, Australia 
and Asia. Figure 2 shows that from 2014 to 2016, a small increase of the percentage 
of these websites in North America (66% vs. 71%), in Australia (2% vs. 4%) was 
observed, while in Asia the percentage remained stable (7%) while in Europe a 
decrease was observed (25% vs. 18%). Our results showed that, crowdsourcing 
despite its web-based aspect; its process (i.e. its key activities, incentives of 
participation and structure), is strongly related to several geographical 
characteristics such as the platforms’ geographical origins [15]. 

Figure 3 shows the percentages of websites’ region of origin over time. 
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Concerning the websites’ type of services provided, the review pointed to some 
noticeable outcomes. Figure 4 presents the major changes that occurred over the 
reported time period. 

 Figure 2 Comparison of websites’ type of services provided over time 

 

In particular, the number of websites supporting crowdfunding has increased 
significantly in the reported time period (24% vs. 38%). Similarly, the percentages of 
websites providing mobile crowdsourcing (3& vs. 4%), content generation (2% vs. 
7%), high-tech services (16% vs. 20%) and web & graphic design tasks (12% vs. 14) 
have increased in 2016 when compared to 2014. On the other hand, the percentage 
of websites offering microtask services (18% vs. 10%), data entry services (7% vs. 
2%), translation (5% vs. 4%) and review & testing products (9% vs. 2%) show a 
decrease when compared to 2014. Websites with programming services remained 
stable (4%) over the reviewed time period. 

Table 2 also shows the websites’ online imprint over time. The term “online imprint” 
is used to denote the strategy that a website follows with respect to their digital 
marketing. In 2016 the percentage of websites using social networks such as 
Facebook and LinkedIn as well as video sharing sites such as Youtube are increased. 
A minority of the reviewed websites (2%) does not employ any digital marketing 
strategy in 2016.  
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Table 2. Independent Samples t-tests for equality of means of websites’ Alexa 
Rankings,  

Quality Assurance Mechanisms & Online Imprint, collected in 2014 and 2016 
respectively 

 

Source: Dataset with results drawn from Alexa.com. Author’s calculations. 

Note: Statistical significance: *** 1%, ** 5% and * 10%. 

In order to have a better picture of the evolution of crowdsourcing platforms over 
time, we conducted a cross-tabulation analysis.  Table 3 presents the relationship 
between each websites’ quality assurance mechanisms and where they are hosted. It 
is noticeable that in 2016, all quality assurance mechanisms except skills and practise 
tests (qr4) are increasingly being adopted by crowdsourcing online platforms located 
in North America, Europe and Australia. On the other hand, crowdsourcing websites 
located in Asia emphasize more on providing information about their workers 
through worker profiles (qr3 is seen in 85.7% of the websites in 2016). This 
differentiation in preference of quality control mechanisms in Asia located 
crowdsourcing websites may be explained by the fact, that crowdsourcing in Asia is 
at an early stage of adoption and crowdsourcing in Asia is just warming up [16]. Yet, 
the general increase of the adoption of quality assurance mechanisms by the 
crowdsourcing websites over time indicates that while crowdsourcing platforms are 
maturing, online platforms realize the importance of “quality control” and “cheat 
detection” mechanisms [17].   
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Table 3. The relationship of a website’s region and its quality assurance 
mechanisms over time. 

 

Source: Dataset with results drawn from Alexa.com. Author’s calculations. 

Note: A website may have more than one quality control mechanism.  

Unit is the percentage of websites that meet the current criteria 

Concerning the relationship between the type of services being provided by 
crowdsourcing websites and their location and quality control mechanisms, our 
analysis show some significant results (table 4 & 5). In 2016, a major increase of 
crowdfunding websites (crf) in all regions is observed while websites focusing on 
microtask (mwk) services are severely limited. Moreover, it can observed that, over 
time, the percentage of websites providing mobile crowdsourcing tasks in Asia and 
Australia remain non-existent, while in Europe and North America appear with very 
low percentage. This is rather counterintuitive considering the use of smartphones. 
With respect to other type of services, changes are observed which are summarised 
in table 4.  

Table 4. The relationship of website region and its provided type of services 
over time. 

 

Source: Dataset with results drawn from Alexa.com. Author’s calculations. 

Note: A website may provide more than one type of service. Unit is the percentage of 
websites that meet the current criteria. 

Regarding the websites adoption of quality control mechanisms and their provided 
services, table 5 shows that in 2016 websites have a more specific orientation in 
quality mechanisms depending on the type of the provided services. More specifically, 
in 2016 websites focusing on microtasks (mwk), crowdfunding (crf), software 
development (pdvp) and web & graphic design tasks (dsns) offer only basic  tools of 
quality control and cheat detection, namely via publishing the worker’s history and 
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job success. The review also indicates that, in 2016 compared to 2014, websites 
focusing on mobile crowdsourcing have stopped providing trivial quality assurance 
mechanisms at all and have moved on using other forms. This may indicate that such 
kinds of mechanisms are ineffective in such tasks.    

Table 5. The relationship of Website quality assurance mechanisms and its 
provided type of services over time 

 

Source: Dataset with results drawn from Alexa.com. Author’s calculations. 

Note: A website may provide more than one type of service and have more than one 
quality control mechanism.  

Unit is the percentage of websites that meet the current criteria. 

The analysis of the crowdsourcing websites reveals that these underwent many 
changes in a rather short period. This may indicate that the field of crowdsourcing is 
still evolving trying to find ways to properly offer and assess such kind of services. 

Empirical Evaluation 

Overview 

In this section we present a way to model the Alexa rankings of online crowdsourcing 
platforms, using the characteristics of websites which have been discussed 
previously. The aim of this model is to investigate the determinants of a website’s 
Alexa traffic rankings and to what extent affects its attention seeking. The model 
might provide some useful insights related to the popularity of websites and suggest 
ways for improvement. Towards this, a OLS linear regression model is used, which 
applied to each ranking separately. Nevertheless, we also wanted a more 
comprehensive picture of predictors’ effect on the response variable, in order to 
investigate, if their effect exists and to what extent, on low and high values of the alexa 
ranking list  and be compared to their effect on median. For this reason, we also used 
for our estimation a quantile regression. This allows comparing how some quantiles 
(25%,50%,75%) of the rankings, may be more affected by our determinant-factors, 
than others. 
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Empirical Model 

Based on our methodology, the econometric specification in our study is of the 
following general form: 

AR_16i = α +βAR_14i+ γQAi +δRi + εSi +ζOIi+ui  (1) 

Where AR_16i is the logarithmic values of the aforementioned alexa ranking in 
reversed values (dependent variable) for the i th online platform for the year 2016. 
Factor AR_14i in the model is the vector containing the logarithmic values of rankings 
in reversed values of the i th online platform for the year 2014. QAi is a vector which 
includes the quality assurance mechanisms of the ith online platform (No quality 
assurance mechanisms, Reviews & Ratings, Workers’ Profile, Skills & Practice Tests, 
Spamming Detector Tools), Ri is also a vector for region of the ith online platform 
(North America, Europe, Australia, Asia) and Si is a vector of the services being 
provided by the ith online platform (Microtasks, Crowdfunding, Tasks on Mobile, 
Content Generation, Data Entry, High Tech, Program Developing, Graphic Design, 
Translation, Reviews & Testing Products). Last but not least, OIi is a vector of the 
online imprint of the ith online platform (Social Networks, Video Streaming-Sharing, 
Blogs and Forums). ui is the disturbance term. 

Estimation Results 

The OLS linear regression model and the coefficient for the 25th, 50th and 75th 
quantiles are shown in table 6. In the next section, each result of each model is 
discussed in more detail.  

OLS Regression 

The results suggest that there are remarked differences across the distribution of 
websites’ Alexa rankings with respect to the independent/explanationary variables.  

Recall, our dependent variable (i.e. crowdsourcing websites’ alexa rankings in year 
2016) and crowdsourcing websites’ alexa rankings in year 2014 are in reversed 
values based on the equation; reversed values = maximum value + minimum value – 
initial values. We did so, in order to have a better interpretation with the regression 
outputs. In particular, now, higher values of our dependent variable reflect higher 
levels of online website traffic.  

Thus, the first column in table 6 shows the coefficients for the OLS linear regression 
model. The results show that several independent variables are statistically 
significant. For example, a website’s Alexa raking of previous years (i.e. 2014) is a 
strong indicator of its future traffic (at the 1% level of significance and the right hand 
variable is positively relate to the left hand variable). Concerning the group variables 
of “quality assurance mechanisms”, the reference group was websites with that did 
not disclose any quality control and cheat detection mechanisms. The results show 
that websites providing mechanisms for spam detection and reviews & ratings for 
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their workers have a high Alexa ranking compared with the websites which belong to 
the reference group (r=1.330, p.value = .098 and r= .450, p.value = .030  respectively). 
Furthermore, having as a reference group websites from North America, the model 
indicates at the 5% level of significance that websites originated from Asia have an 
approximately 60% lower average traffic compared with crowdsourcing websites 
from North America. The OLS coefficients for the various types of services offered 
show some interesting results. Having as a reference group online platforms 
providing microworks and simple tasks (i.e. tasks that are performed in parallel by 
large, paid crowds in a short time), we find that the effect of websites’ providing 
service vary on their traffic and therefore in their position in the Alexa rankings. 

Table 6. The determinants of the 2016 Alexa Rankings for the reviewed 
crowdsourcing online platforms. 
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Source: Dataset with results drawn from Alexa.com. Author’s calculations. 

Notes: Dependent variable: Websites’ Alexa Rankings for year 2016. In parentheses 
heteroskedasticity corrected standard errors.   

For Websites’ Quality Assurance categorical variable the reference group is websites 
with no quality assurance mechanisms, for Websites’ Region categorical variable the 
reference group is websites located in North America, for Websites’ Type of 
Services/Tasks categorical variable the reference group is websites providing 
Microtasks/Simple Tasks Services and for Websites’ Online Imprint categorical 
variable the reference group is websites with no online imprint.   

Statistical significance: *** 1%, ** 5% and * 10%.     

For example, a crowdfunding online platform has an approximately 78% lower traffic 
than a microtask website, with the result being strongly significant at the 1% level of 
significance. Similarly, websites having tasks on mobile or tasks requiring high-tech 
knowledge have lower traffic than the reference group (at the 1% and 5% level of 
significance respectively). Last but not least, regarding the impact of a website’s 
digital marketing strategy (online imprint) on its traffic, the study revealed a weak 
effect of video sharing communities. More specifically, crowdsourcing online 
platforms that have a strong profile in video sharing communities such as Youtube 
and Vimeo, have 61.1 % more traffic than the ones with no profile on such networks. 

Quantile Regression 

The quantile regression makes possible to statistically examine the extent to which a 
website’s quality assurance mechanisms, types of services provided, location and 
online imprint differ when considering the distribution of their traffic. The column 2, 
3 & 4 in table 6 presents the regression for the 25th, 50th and 75th quantiles 
respectively. Recall that quantile regressions were estimated to determine if the 
impact of the above independent variables varied for crowdsourcing websites at 
different points in the distribution of their average Alexa rankings in 2016. The results 
of the quantile regressions show primarily that a website’s traffic in previous years is 
a strong indicator for its traffic in the near future, regardless its position (low or high) 
in the Alexa list. Moreover, concerning the websites’ quality assurance mechanisms, 
the quantile regressions not only confirm the OLS results, but also reveal that among 
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low-ranked websites (at the 25th quantile) another mechanism called “workers’ 
profile” have a strong effect on their traffic (at 5 % level of significance and the right 
hand variable is positively relate to the left hand variable). Similarly, among high-
ranked websites (at the 75th quantile), the opportunity of a requester of a 
crowdsourcing task to conduct skills and practice tests in order to decide which 
workers to hire, has a notable effect on the online platform’s  general traffic at 5 % 
level of significance. The quantile regressions also reveal that among low-ranked 
websites, a website that originated in Europe has 15.2% more traffic than websites 
originated in North America at 1% level of significance (r= .152 and p value= .000), 
while among high-ranked websites a website that originated in Asia has 70.5% less 
traffic than websites originated in North America at 10% level of significance (r= - 
.705 and p value= .081). Additional evidence reveals that the effect of a website’s type 
of service differs among the distribution of the alexa rankings. For example, among 
websites in low traffic positions, a website that provides translation tasks or reviews 
and testing products achieves more traffic when compared to websites offering 
microtasks, while websites with crowdfunding, high-tech services of tasks on mobile 
have in general less traffic than the reference group. Finally, with regard to the 
websites’ online imprint, quantile regression does not confirm the OLS concerning the 
effect of a strong website’s profile on video sharing communities on Alexa ranking, 
because at the 25th quantile and at 75th quantile this effect is substituted from a strong 
website’s profile on social networks such as Facebook, Twitter, Linkedin etc. (at 5% 
and 10% level of significance and the right hand variable is positively relate to the left 
hand variable respectively).   

Discussion 

The tools that a crowdsourcing website offers to the potentially requesters, the region 
where it is located, the type of tasks it accepts and the strategies for efficient digital 
marketing that applies, can have important effects on its recognition and popularity. 
The abovementioned characteristics of a crowdsourcing platform affect the decision 
of a requester, concerning the participation and accomplishment of a crowdsourcing 
job in this platform. Obviously, a high-attracted crowdsourcing online platform has 
major indexes of traffic and as an extent a high position in alexa ranking list. As a 
consequence, highly-ranked websites may have more crowdsourcing sessions when 
compared to low-ranked sites, giving them the opportunity to respond efficiently to 
their competitive operating environment.      

Conclusions 

The purpose of this research is twofold. First, it aimed at investigating how 
crowdsourcing websites have evolved in terms of their characteristics and services 
offered in a period of two years (2014-2016). 

Second, it attempted to devise a theoretical framework to investigate the effect of the 
websites’ characteristics on their ranking as these are reported by Alexa. The 
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theoretical evaluation’s purpose is to investigate and understand how the individual 
characteristics of crowdsourcing websites influence their traffic and popularity. Give 
the dynamics of the field in recent years, such results may offer insights in improving 
their services and operation. 
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